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A shirtless man is fishing, standing on large rocks that rest next to a
boardwalk with a tall lamp post in the forefront.

TERFE REFE
(BE7RLT7FT>>3>) (BEfIE77>7>>3>)

man(CX 3R/ EN T3>

ERFETIETTo2a>sMEzEAEMDD TULRUVD, IBEZFEEEMTE
T2 a) T2 a o < EECHI D TULWB S ERDMND

29



NILFE—H)LHERERER DA

RENT >3 > D&M (lamp)

A shirtless man is fishing, standing on large rocks that rest next to a
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